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B Accuracy I Precision B Recall

MLP

ANN

K-Nearest Neighbor

Naive Bayes

Random Forest

Decision Trees

Support Vector Machines

Logistic Regression

MLP 0.934783 0.948718 0.973684

ANN 0.967391 1.000000 0.962963

K-NN 0.994565 1.000000 0.993631

Naive Bayes 0.951087 0.948718 0.993289
Random Forest 0.994565 1.000000 0.993631
Decision Tree 0.989130 0.993590 0.993590

SVM 0.994565 1.000000 0.993631

Logistic Regression 0.972826 0.980769 0.987097
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